Classification of Radio Sources Through Self-Supervised Representation Learning
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90% signal efficiency
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Key Property: Finetuning!
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It works!

Finetuning & other workflows from Foundation Model research translate to
particle physics and can lead to 100x more data-efficient models
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Sample Gauge configurations from a probability distribution
i Z= [@Udet Mpe™

Compute observables on the generated configurations O( ~ (1 — 10)K)




Random Noise Method

No access to individual matrix elements - only matrix vector products !
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Choose L randomly drawn vectors 7 satisfying certain conditions to get
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Question 1 : Can we train a NN to learn the systematic effect caused by using
only finite such random vectors - given for some observable the true

distribution with very large L and measured distribution with very small L ?
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