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Relativistic densities of mass, momentum
and energy, respectively.

Density, velocity and pressure
of the fluid: primitive variables.
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METHOLOGY PROPOSED Diagram and algorithm
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SOME RESULTS Riemann problems in Relativistic Hydrodynamics
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Figure 2: Final profiles for the primitive variables (density, velocity and pressure) with respect to the analytical

solution (black solid line) obtained by the GA-PINN in (a) and by a vanilla PINN model in (b).


