A DEEP LEARNING METHOD FOR THE 7Y-RAY IDENTIFICATION WITH THE DAMPE sSPACE MISSION

MOTIVATION EPFL

m Goal: Obtain an efficient y-ray PSD (Bismuth Germarnium Oxide

. (Plastic Scintillator Detector) calorimeter)
event selection BGO

(Silicon-Tungsten tracker-converter)

m Most abundant cosmic-ray STK
component: protons

Main difference between ~-rays
and protons: shower topology in
the BGO calorimeter
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— ideal ML tool to recognise
features from images:
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—> Convolutional Neural Network! 1
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m This method significantly outperforms all the existing algorithms, both in y-ray efficiency
and proton rejection!  Output: CNN score [—oo, +oc] validation
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Want fo learn more details? Please visit my poster in session B :) 2
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