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When produced at high energy, quarks and gluons both lead to jets, making 35 13TV, PNEE SOR WP =~ HwDip.  Shst. -
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We use the 2011 CMS Open
dataset, which includes both real
collisions at 7 TeV, as well as full
Monte Carlo (MC) simulation.

Full supervision is best on MC, but
what about on data”? We need to
know ft1, T2 10 answer this.
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We use the simulated dijet sample
as a labelled quark/gluon dataset.
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e With estimated fi, f, we can train a generative model to extract pure quark/
o- gluon distributions from mixed training samples [3].
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