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Inverting the LHC Simulation Chain
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Machine learning methods allow for unbinned, high-dimensional unfolding

-—
Inverse



ML-based Unfolding

Reweighting based:

Omnifold Distribution Mapping

Pdata = Punfold
P gen — P unfold o unfo

unfolding inference
p gen ¢ > Punfold (X part)
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simulation unfolding
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forward inference
Psim < > Pdata (X reco )

Conditional Generative Unfolding

P (xpart | xreco) 3



Results |: Unfolding to pre-detector
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Unfolding Delphes
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Unfolding Pythia



